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Input: G: Social graph, k: size seed set, R=1

1:for j=0 to R do
2: if(visactive.)
3:  forltoHdo

LieNGipqetivevEA) Ki

4:
5: ple.v]= 1—e /@
6: if((thetale.v] — p) < 0) then
7 n, <number of active node
8: countecount+n,
9: end if
10: end for
11: endif
12:end for
ksxcount

13: return PID =
N(ks)
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Algorithm 2 NewGreedyWC(G , k)

Input: G: Social graph, k: size seed set
Output: selected seed set

1:initialize S =@

2: call algorithm ICIM-GREEDY
3:fori=1tokdo

4: sets, = 0 forall vertices.

obtain G’ = RanWC(G)

for =1toTdo

S ST A

10:  foreach v* € V*,st.+= YL

11: endfor

12: foreachv € V\S,s,+= (T — 1)/s’.
13: end for

15: § =S U {argmax,eps{sy}

16: end for

17: output S

for each v* € V*, generate random value XZ.from
The exponential distribution with mean 1/w(v*)
9:  foreach v* € V*, compute Y,f*:minu*eRG,*(S*U{,,*})le*

compute DAG G and weights w(v™) for all v* € V*
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