Oliane 9 5mb OF 5 OV lao,leds (o0 )lo JLo ... ‘f/

;o.l.c aolidiad 99 AR . JHU‘
- O
Sl Slbls | 5 oledll g5l YF b YVoolbas - L

Improving polarity identification in sentiment analysis using sarcasm
detection and machine learning algorithms in Persian tweets
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Abstract:

Sentiment analysis or opinion analysis is a branch of computer science and natural language
processing that tries to introduce machines and artificial intelligence to human feelings and
emotions. Sarcasm analysis, like sentiment analysis, seeks to correctly identify the positive and
negative emotions hidden in the text. Revealing sarcasm in recognizing the correctness of the
polarization of an opinion has a personal effect. For this purpose, 8000 Persian tweets containing
emotion tags were used, which were checked for the presence or absence of sarcasm. The
innovation of the research is in extracting key words from sarcastic sentences that cause sarcasm. In
this research, a separate classifier has been designed and trained to recognize sarcasm in the text,
and then the outputs of this classifier are used as an added feature for the text emotion recognition
classifier. Also, in addition to the other keywords extracted from the text, emoticons and hashtags in
the text are also used as features. Bayesian classifiers, support vector machine and neural network
have been used as basic classifiers and finally the combination of classifiers was used to identify the
sentiment of the text. The results of this research show that identifying sarcasm in the text and using
it to identify the sense of feeling increases the accuracy of the results.
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