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1% Image parsing

! Superpixel

12 Support vector machines (SVM)
3 Line Segment Detector (LSD)
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> Vanishing points

® Adaboost
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8 Ecole Centrale Paris
° Segmentation
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diffR(1:3) = abs(C(1:3)-CR(L:3)):
diffR(4) = JSD(C(4:8).CR(4:8)):
diffR(5) = JSD(C(9:11),CR(9:11));
diffR(6:20) = abs(T(1:15)-TR(L:15)):;
diffR(21) = JSD(T(16:30), TR(16:30));

b |y o 4l jlasl cdl 3 S, Bl Y o8
(oS

(Vs oz 42l 28l 5 S, sla S35 CL, TL)
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