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Abstract

Analysis of personality traits of individuals has always been one of the interesting research topics. In addition,
achieving personality traits based on data obtained from individuals' behavior is a challenging issue. Most people
spend most of their time on social media and may engage in behaviors that represent a character in cyberspace.
There are many social networks today, one of which is the Telegram social network. Telegram also has a large
audience in Iran and people use it to communicate, interact with others, educate, introduce products and so on.
This research seeks to find out how a recommendation system can be built based on the personality traits of
individuals. For this purpose, the personality of the users of a telegram group is identified using three algorithms,
Cosine Similarity, MLP and Bayes, and finally, with the help of a recommending system, telegram channels
tailored to each individual's personality are suggested to him. The research results show that this recommending
system has attracted 65.42% of users' satisfaction.

Keywords: Users' Behavior, Recommender Systems, Social Networks, Telegram, Personality
Analysis.
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File Edit Format View Help
hohammad_Hassan_Torabi,39,29,48,46,51
R_Moafimadani,26,46,42,43,54
Behnam,28,32,34,44,38 Abbas, 36,35,40,52,44 s=4
M._Farham,23,42,42,46,50-------

A K,33,38,39,40,47
Hadi_Alizadeh,29,40,36,38,45
SafaAli_Mozafarnejad,34,34,34,40,45
Reza_Sadoughi,45,45,46,46,46
reza,39,36,42,39,38
Somayeh,24,40,39,41,51
Arman,52,27,49,44,20
Mehdi, 33,30,40,41,48
meyfi,43,27,38,37,37
Mercede, 31,44,40,47,53
Vahid_m,34,42,36,32,49----
Mr_Forex,31,40,34,53,41

————————— Abbas_Davari,28,44,39,27,37 s=5
----- Abbas, 36,35,40,52,44 s=4

————— Mr_Said_Zavarei,26,43,39,38,46 s=4
Hamide,23,43,36,48,45 Abbas_Davari,28,44,39,27,37 s=4
Hosein, 35,34,38,45,52 Abbas, 36,35,40,52,44 s=3
Nabi_Aziznesuad,20,38,37,49,55
Arash,23,36,32,45,49 Mr_Said_Zavarei,26,43,39,38,46 s=4
Mohammad_Mahdi,32,37,36,46,50
Vara,28,32,38,43,46----Setmax, 28,45,43,46,47 s=5
Mohammad_Sh,26,31,41,41,44
Pedram_Zahedi,34,41,43,37,42----Abbas,36,35,40,52,44 s=4
Keyhan_Kamangar,26,33,35,38,44----Abbas, 36,35,40,52,44 s=4
mrr,21,36,42,45,51----> Mr_Said_Zavarei,26,43,39,38,46 s=3
Majid,34,43,43,46,53 Setmax,28,45,43,46,47 s=4
Mr_Haghiri,33,35,36,43,50 Mr_Said_Zavarei,26,43,39,38,46 s=4
AHF_XIII,26,41,38,39,44 Mr_Said_Zavarei,26,43,39,38,46 s=5
61/16 /5 *100 = 76.25
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