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"Visualization

" Structural analysis

" Community detection

F Small-world networks

9 Motif analysis

#Link Prediction

" Diffusion

4 Path

"Random walk

' Common Neighbors(CN)

" Jaccard’s Coefficient(JC)

'" Adamic-Adar Coefficient(AA)
'" Preferential Attachment(PA)
'F Resource Allocation(RA)

"2 Local Path(LP)

7 Katz

' Relation Strength Similarity(RSS)
" Hitting Time(HT)

'* Commute Time(CT)

" Cosine Similarity Time(CST)
" Rooted PageRank(RPR)
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' Co-authorship

"Projected graph

" Dynamic complex networks

" Nested networks

¢ Complex Representation-based Link Prediction
#Local information index
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! Salton Cosine Similarity(SC)
" Leicht-Holme-Nerman(LHN)
"Right-skewed
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! Feature scaling

"Neighbor-Based Coefficient (NBC)

" Ario (https://ariogames.ir)

FUCI’s Machine Learning Repository

¢ https://archive.ics.uci.edu/ml/datasets/online+retail
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