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Self-Organizing Fuzzy Neural Network ™
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Prior knowledge '"

crawl "

sentiment influence feature '*
'® loss

" multi-view deep network

'Y part-of-speech

'* subject modeling methods
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(SVM) ' Support Vector Machine

" Artificial Neural Network (ANN)

" Linear Regression

* Decision tree

° Naive Bayesian Classification(NBC)
Strong buy *

Buy "’

Hold *

Strong sell *
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